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O File:  datasetslris.tab w & Reload

O URL: v

File Type
Automatically detect type e

Info

TIris flower dataset
Classical dataset with 150 instances of Iris setosa, Iris virginica and Iris versicolor,

130 instances
4 features (no missing values)
Classification; categorical dass with 3 values {no missing values)

0 meta attributes

Columns {Double dick to edit)
Name Type Role Values

1 sepal ... @ nume... feature

» sepal ... @ nume... feature

3 petal ... @ nume... feature

4 petal ... @ nume... feature

sifs  Ocateg.. target lIris-setosa, Iris-versicolor...
Reset Apply

Browse documentation datasets
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o 4 lissetesa 46 31 15 02
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[ visualize numeric values 6 _ 54 39 17 04
18 Color by instance dasses 7 issetosa 46 34 14 03
B Select full rows 5 lssetosa 44 29 4 02
NEL lrissetosa 49 3.1 15 0.
1 hissetosa 54 37 15 02
12 Iissetosa 48 3.4 16 0z
13 rissetosa 48 30 14 0.
14 Iissetosa 43 30 11 0
15 hissetosa 58 40 12 02
16 lissetosa 57 a4 15 04
17 nissetosa 54 39 13 0.4
18 rissetosa | 5.1 35 14 03
19 [issetosa 57 ER 17 03
Restore Original Order a0 [ > s 15 03
[ -] Send Automatically 21 _ 54 34 17 02
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i mport speech_recognition as sr

def get_voice_input(pronpt):
recogni zer = sr.Recognizer()
with sr. M crophone() as source:
print(pronpt)
audi o = recognizer.listen(source)
try:
text = recognizer.recognize_google(audio, |anguage="ar")
return text
except sr.UnknownVal ueError:
Print(" v iiis Lo ppsl o
return None
except sr.RequestError:
Print("c, i _1e G,asl dadiy Jlasyl 3 Las sus )
return None

def main():

passengers_text = get_voice_input(" ¢ ;1 .o js.00")

passengers = int(passengers_text) if passengers_text else 0

usage = get_voice_input (" .y Lii b oo sUlie) alasiwY e s
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budget _text = get_voice_input("i+4‘}+AJ‘ J}Q‘:")

budget = int(budget_text) if budget_text else 0

car = recomrend_car(passengers, usage, budget)

print(f"g_b Lo osadl 8y Law it {car}t")

n
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g P 7 Jerinda and Jorindel forced to do it; but if his father bade him fetch anything
. . when it was late, or in the night-time, and the way led
B ATU Type 8 Little Red Riding Hood through the churchyard, or any other dismal place, he
answered: ‘Oh, no father, I'll not go there, it makes me
9 Mother Holle shudder! for he was afraid. Or when stories were told by
> the fire at night which made the flesh creep, the listeners
10 Old Sultan sometimes said: ‘'Oh, it makes us shudder!’ The younger
Display features sat in a corner and listened with the rest of them, and
Filier 11 Pack of Scoundrels could not imagine what they could mean. ‘They are
always saying: “It makes me shudder, it makes me
@ ATU Topic 12 Rapunzel shudder!” It does not make me shudder, thought he.
L ‘That, too, must be an art of which | understand nothing!’
g Title 12 Rumpelstiltskin Now it came to pass that his father said to him one day:
HiEies . ‘Hearken to me, you fellow in the comer there, you are
B Content 14 Snow White growing tall and strong, and you too must learn something
5 ) by which you can earn your bread. Look how your brother
g :E _I:umenﬂl 15 The Blue Light works, but you do not even earn your salt.” ‘Well, father,’
¥Pe . he replied, 'l am quite willing to learn something--indeed, if
16 The Bremen Town Musicians it could but be managed, | should like to learn how to
shudder. | don’t understand that at all yet.” The elder
17 The Crumbs on the Table brother smiled when he heard that, and thought to
— himself: ‘Goodness, what a blockhead that brother of mine
L hecken Sy 20 18 The Dog and the Sparrow isl He will never be good for anything as long as he lives!
He who wants to be a sickle must bend himself betimes.’
a Butnisendlelon 19 The Elves and the Shoemaker The father sighed, and answered him: “You shall soon -

o cinad 44 sl gl Caanadl by ool jaslas el isladl e i Vle pdl b
Lab sl il el eVl e ol




2314 asds 5 Girl LS e g g A jamadll gl LI 5 Girldads CosT m

& Corpus Viewer - Orange
Info
Tokens: nfa
Types: nfa
Matching documents: 14/44
Matches: 47
Search features
Filter...

@ ATU Topic

8 Tite

B Abstract

B Content

B ATU Numerical
@ ATU Type

Display features
Filter...

@ ATU Topic

B Tite

4 | B Abstract

B content

B ATU Numerical
@ ATU Type

|| Show Tokens & Tags

a2 Auto send is on

=970 | Haa B 1143144

RegExp Filter: Girl

— [m]

X

2

4

26

27

29

32

35

Brier Rose
Cinderella

Hansel and Gretel
Jorinda and Jorindel
Little Red Riding Hood
Mother Holle
Rapunzel
Rumpelstiltskin
Snow White

The Golden Goose
The Goose Girl

The Juniper Tree
The Pink Fower

The Seven Ravens

ATU
Topic:
Title:

Abstract:

Content:

Tales of Magic

Brier Rose

An offended witch curses a young princess to die from
pricking her finger on a spindle on her 15th birthday. A
good witch blunts the curse by instead having her fall
asleep for 100 years.

Aking and queen once upon a time reigned in a country a
great way off. where there were in those days fairies. Now
this king and queen had plenty of money, and plenty of
fine clothes to wear, and plenty of good things to eat and
drink, and a coach to ride outin every day: but though
they had been married many years they had no children,
and this grieved them very much indeed. But one day as
the queen was walking by the side of the river, at the
bottom of the garden, she saw a poor little fish, that had
thrown itself out of the water. and lay gasping and nearly
dead on the bank. Then the queen tock pity on the little
fizh, and threw it back again into the river; and before it
swam away it lifted its head out of the water and said, ‘|
know what your wish is, and it shall be fulfilled, in return
for your kindness to me--you will soon have a daughter.
What the little fish had foretold soon came to pass; and
the gqueen had a little girl, o very beautiful that the king
could not cease looking on it for joy, and said he would
hold a great feast and make merry, and show the child to
all the land. So he asked his kinsmen, and nobles, and
friends, and neighbours. But the queen said, ‘| will have
the fairies also, that they might be kind and good to our
little daughter.” Now there were thirteen fairies in the
kingdom; but as the king and queen had only twelve
golden dishes for them to eat out of, they were forced to
leave one of the fairies without asking her. So twelve
fairies came, each with a high red cap on her head, and
rad shoes with high heels on her feet, and a long white
wand in her hand: and after the feast was over they
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